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Diagnostic value of radiomics models for histological invasiveness of adenocarcinoma spectrum lesions of
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[ Abstract] Objective: To investigate the diagnostic performance of the radiomics model for path-
ological invasiveness of adenocarcinoma spectrum lesions of the lung. Methods: Preoperative CT ima-
ging data of 172 patients with pathologically proven adenocarcinoma spectrum lesions of the lung in
our hospital were retrospectively analyzed.Radiomics features were extracted from the preoperative CT
images via Pyradiomics package and selected via intra-class correlation and logistic regression with 1.2
penalty.Logistic regression,random forest and extreme gradient boosting (XGboost) classifier model
were established according to the selected features,and receiver operating characteristic (ROC) curves
were plotted. Two senior radiologists scored the probability of nodule invasiveness without knowing
the pathological findings. Delong test was used to compare the diagnostic performance of the three
classifiers with that of age,volume of region of interest (ROI) and the senior radiologists.Results:420
radiomics features were obtained from each ROI after feature extraction and selection.On test set,the
area under the ROC curve of logistic regression, random forest and XGboost was 0.921,0.956 and
0.958,respectively, and that of age, ROI volume and the senior radiologists was 0.620,0.863 and
0.896,respectively.Delong test indicated that there was no significant difference among the three ra-
diomics classifiers and no significant difference in diagnostic performance between the three classifiers
and ROI volume or the senior radiologists either (P >>0.05).Conclusion: The radiomics classifier mod-
els have high accuracy in preoperative pathological diagnosis of adenocarcinoma spectrum lesions of
the lung, the diagnostic performance of which is comparable to that of ROI volume and senior radiolo-
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B4R, A e R 2RI T RAFH AL,
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Radiomics based on Gd-EOB-DTPA enhanced MR hepatobiliary phase images for evaluating liver reserve
function of HBV patients HU Jing-hui, WANG Fang, HOU Cheng-shi, et al. The Clinical Medicine
College of Yangzhou University,Jiangsu 225001, China

[Abstract] Objective: To investigate the value of radiomics based on the hepatobiliary phase ima-
ges of Gd-EOB-DTPA enhanced liver MR in evaluating liver reserve function of hepatitis B virus
(HBV) patients.Methods: 73 chronic HBV patients with normal liver function,136 HBV patients with
Child-Pugh A liver function and 70 patients with Child-Pugh B/C liver function were randomly divided
into the training group and the test group in the ratio of 8:2.Radiomics features were extracted from
the hepatobiliary phase MR images via delineating the whole liver parenchyma. The clinic-radiomics
model combining the radiomics score (Rad-score) and clinical variables selected by multivariate re-
gression analysis was built.Evaluation performances of the model were analyzed using receiver operat-
ing characteristic (ROC) curve.64 HBV patients were used for validation from another period,inclu-

ding 17 cases with normal liver function,30 with Child-Pugh A and 17 with Child-Pugh B/C.Results:
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Platelet (PLT),total bilirubin (TBIL) and international normalized ratio of prothrombin time (INR)
were selected by multivariate regression analysis to construct clinical model for distinguishing normal
liver function from Child-Pugh A.The radiomics model was constructed using the four most relevant
radiomics features.The areas under the curve (AUCs) of clinical model for distinguishing normal liver
function from Child-Pugh A were 0.897,0.884 and 0.780 in the training,test and validation cohorts, re-
spectively. The AUCs of radiomics model were 0.890,0.914 and 0.824 in the training, test and valida-
tion cohorts,respectively. The AUCs of clinic-radiomics combined model were 0.951,0.978 and 0.886
in the training,test and validation cohorts,respectively,whose net reclassification index (NRI) and in-
tegrated discrimination improvement (IDI) were significantly different from the other two models
(P<C0.05).PLT and TBIL were selected to construct clinical model for distinguishing Child-Pugh A
from Child-Pugh B/C.The radiomics model was constructed using the seven most relevant radiomics
features.The AUCs of radiomics model for distinguishing Child-Pugh A from Child-Pugh B/C were
0.862,0.865 and 0.818 in the training, test and validation cohorts,respectively. There was no significant
difference between the clinic-radiomics combined model (AUC=0.940,0.934 and 0.951, respectively)
and the clinical model (AUC=0.916,0.893 and 0.914,respectively) (P >>0.05).Conclusions:Radiomics
based on the hepatobiliary phase images of Gd&-EOB-DTPA enhanced MR has a high evaluation value
for liver reserve function of HBV patients, which can improve the early detection performance of

Child-Pugh A when combined with clinical variables. However, the single clinical model has shown

23

good evaluation efficacy for Child-Pugh A vs. Child-Pugh B/C.
[Key words] Gd-EOB-DTPA; Hepatitis B virus; Liver reserve function; Magnetic resonance

imaging; Radiomics; Nomogram
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EAEEA P E N IF 0 . REREAELAT 200 7 AFET
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(total bilirubin, TBIL) \ N & 2 & %t ¥ # B (alanine
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0.9 Y0 AL B AT WPk

3. WEHFE T ik

M 5 1 i R A2 g, BV ST S 6 R 3R o LR ) A
i R VAL AL . R FH 32 & TAEREAE (receiver oper-
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% ,PLT.TBIL /& Z if Child-Pugh B/C %% 1y h 7 15
RZ (R 2.3), 4 A HEATHR A, b At 8 I DR PP Al 85 7
YNGR I3 20 0 56 0F 4 v i PR A5 78 24 53] J1F oy g
5 Child-Pugh A 21 AUC 4> %K 0.897,0. 884,
0.780, Il £ i . W K 26 Fn 56 GF 20 s PR AR 7R 3 B
Child-Pugh A %% 5 Child-Pugh B/C %) AUC 4 I
4 0.916.0.893.0.914,
3R H R AR SO AR 2 R 1 Ak A% R

TEYIN 40 rh 4 P R I 2 68 1 % % A Child-
Pugh A 908 095 43 5 2 58 1 #1109 fi,
LASSO [EH 438 f5 3£ 1 4 ASAHOCHRRE , 46 2 4
K BE AR M HH M (gray-level dependence matrix,
GLDM) \1 IR JE K /N X I8 4 [F (gray-level size zone
matrix, GLSZM) Fl 1 ™K FE17 F2 5 B4 (gray-level run
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F 0.987(0.948~1.026)  0.503 1.015(0.966~1.067)  0.558
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Rad-score 6.101(2.915~12.768) <C0.001 2.188(1.420~3.373) <C0.001
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Radiomics nomogram based on digital mammography for predicting axillary lymph node metastasis of in-
vasive breast cancer:a multicenter study XIE Yu-hai, MA Pei-qi, WANG Xiao-lei, et al.Department of
Radiology, Taihe People’s Hospital, Taihe Hospital affiliated to Wannan Medical College, Anhui
236600, China

[Abstract] Obiective: To investigate the clinical value of radiomics nomogram based on multi-
center digital mammography in predicting axillary lymph node metastasis of invasive breast cancer.
Methods: A total of 728 patients with pathologically proven invasive breast cancer were retrospectively
collected.413 patients with invasive breast cancer from Yiji Mountain Hospital, the First Affiliated
Hospital of Wannan Medical College,were randomly divided into a training group of 289 patients (197
cases with negative lymph node metastasis and 92 cases with positive lymph node metastasis) and a
validation group of 124 patients (85 cases with negative lymph node metastasis and 39 cases with posi-
tive lymph node metastasis) in the ratio of 7:3.A total of 315 patients with invasive breast cancer (221
cases with negative lymph node metastasis and 94 cases with positive lymph node metastasis) from
Fuyang People’s Hospital and Taihe County People’s Hospital were selected as the external test
groups.The images from medio-lateral oblique (MLO) and cranio-caudal (CC) views of two breasts

were compared and analyzed,and the digital mammogram images with larger lesion area were selected
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for image segmentation and radiomics feature extraction using the DeepMed multimodal research plat-
form.The dimension of radiomics features was reduced by Linear correlation analysis between features
and Least absolute shrinkage and selection operator (LLASSO) and a prediction model was constructed
by a support vector machine (SVM) classifier. The performance of the model was evaluated by Receiv-
er Operating Characteristic (ROC) and Decision Curve Analysis (DCA).Results: Eight radiomics fea-
tures were finally selected to construct a model for predicting axillary lymph node metastasis in inva-
sive breast cancer.The prediction performance of the model was 0.807,0.790 and 0.753 in the training
group, validation group and external test group, respectively, with sensitivities and specificities of
84.8% and 61.4%6,79.5% and 69.4%,44.7% and 92.8% , respectively. The decision curve confirmed
the clinical practicability of the model.Conclusion: Radiomics based on digital mammography has high
efficiency in predicting axillary lymph nodes metastasis in invasive breast cancer and has important

clinical application value for the formulation of individualized treatment plans and prognosis assess-

ment for patients.

[Key words] DBreast cancer; Digital mammography; Axillary lymph node metastasis; Radiomics
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Early diagnosis of mycoplasma pneumonia in children based on chest X-ray images using deep transfer
learning method MENG Ming-zhu,PAN Chang-jie, ZHANG Hao, et al.Department of Radiology,the
Second Hospital of Changzhou Affiliated to Nanjing Medical University,Jingsu 213164 ,China

[Abstract] Objective: This study was aimed to investigate the diagnostic value of a deep transfer
learning method based on chest X-ray images for mycoplasma pneumonia (MPP) in children.Methods::
A total of 3763 cases from the Department of Pediatrics of the Second People’s Hospital of Changzhou
were recruited in this study.Clinical data and radiographic data of each patient were completely recor-
ded.The chest X-ray images were divided into bacterial, MPP, and viral groups.Each group was ran-
domly divided into a train set and test set by a ratio of 9:1.Deep transfer learning based on the VGG19
model was established. Also, another 150 chest X-ray image samples with bacterial pneumonia, MPP
and viral pneumonia were selected as a validation set:50 cases each.Metrics for model performance e-
valuation include accuracy in the train set and test set,precision (Pr),recall rate (Rc),F1 score (F1)
and area under the ROC curve (AUC) in the validation set.Results: Accuracies of VGG19 on the train
set and the test set were 0.99 and 0.95,respectively. The values of Pr,Rc,F1 and AUC were bacterial
group (0.87,0.82,0.85,0.92),MPP group (0.85,0.74,0.78,0.90) and viral group (0.76,0.88,0.81,
0.93) ,respectively. The VGG19 model achieved an overall AUC of 0.92 for three groups.Conclusion:
The VGG19 model is a reliable method to classify chest X-ray images of MPP children, which is a
promising Al-assisted diagnosis method for early diagnosis of MPP.

[Key words] Mycoplasma pneumoniae pneumonia; Chest films; Child; Deep transfer learning;

Artificial intelligence
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T AR 2F AR I PR A AL COMB BRI X RAP 1
T E 1 - B BESLIEAG AP BB E B K KU 1Y i BRI
S5 R AR A 2E BRI COMB A5 AU (1) il 28 F 1 A7
(areas under curve, AUC) ¥ K F s KA Bl (P =
0.008.0.007) , (HEZ R A 2= B 5 COMB #E /1 2 [i] iy
AUC ZR G258 L (P =0.067), MW FE %
B IR MLAE S RAP A fa B 2 L H52m AP 2 & 191
IR R AR Z AT R FRIEAR A B0 RAP; 17 HAE
HAE AL I R AR A R AEXT AP &2 & KU
) S0 B A5 R 11 PR AR A1E , 45 78 52 158 4 2 e AiF 78 Pl I
AP 5k J5 AR TS IR R FRAE . Pk, 36T CT &
MRI W 52 5 41 2% ¥ v DUAR 4F s 500 AP 9 & & 1
B, BEAh T T, WIS AR AL 438 0] LIS 48 Wow
I 5 ) 1% fige ) 9 PR B I AR A Y 1R, O FL AT DL &5 A 3
by 2 50 Vo e R ) ot K TR B0 A i PRORS HE TR T B
PR R B, HAEENE. 5 CT M. MRI

clinical feature

ARG A N ) G g B L B T MIRT Y2 AR 4 7 5
TR A B B A A (0 0 32 -5 LR 0 652 O 8 98 3 R AH
i, A AR T lm KA £ TR R EARALAL, SR, H
i A& T MRI 7 2 57 4 85 84 0L 7 oK 187 i B e g
XA e KB SE R Z MAFfE—E R R T A ET
MRI PRI E) Ly T, WT BEUR , 8 Al 51 4 A
HBEAT X e 0, i mT LU Ak 5 B 2 En 9 O AL AR
(diffusion weighted imaging, DWD) 5 1 , & 3k i) #F 5%
A AN AT Z2 5 50 6 47 % L R ) s DA BT 37 e fE AR
2H A A R

2. MPEAL AP ™ FE

MR [ PR 237 2012 AEAEIT A9 45 22 R I3 2R E
SL(2012-RACD) » AP ] 430 =28 . % FL i PR ™ 0 it J3E
Sy AR 2 R IR 2% (mild acute pancreatitis, MAP) |
B S MR R IR R (moderate severe acute pancrea-
titis, MSAP) FIEE B 201 B iR % (severe acute pancre-
atitis, SAP)"" . SCHRRIE SAP SBT3 ik 36 %0~
50 %% RRZE PR A% B g I AR e ME IR FE 8 A PR T R
e Y R X AP ™ R B Y LD 0 % O
B AAE AT MSAP F1 SAP (3 (1) 7112 Wi
IRIT AT AT MSAP il SAP SRE R W2, H
Hi N AP 8RR R 09 5 S B TR KRR AE
TEmEMEURMERE R AELS RS, HH T
AP 145 2 VRN Z R, FLs AR A7 0 L g -

BSRILFME G T 50 R 58] AT SAPH-H  {H
BSR4 ELRE S 9 Tl PR S5 FH 0 35000 3 43
RG22 1k A B A8 P R K A (APACHE
IDP9 P 28 G0 T B8 W B R o I PR B4, 7E 1 PR
HEMESI I, B XX — S AR R G A R
T BISAP AR, U353 AR X ] 8 (A7 78 0L
F T8 b RIS RS RS B IEAG . B 5 S B E IR 22
BT CT MPE4r R4 CTSLMCTSI #7718 35 L i fik
B2 X T 8 0K BE (14 VAl 40 3652 A5 B 162 Ui g P IR
WAl . Ah AT BF R B MAP £ & 9% 09 i 41 L/ B
PR A R I O T T T SAP WA R AT 1 4 2 s it A
I3V T L R AP R B A A SO A B A R
SRR A LU SR TR G AR 2 R ROE S R A 1
FEAB R, JCH R BRI B IR AL 31X 0] 68 2 IR Al 5 11
RS AR 2 W] LA i A R L
R A . 5 AT i 7 V8 7 1) 26 0 2 L O Sl A I
MG 5 el 28 HEAT VA AT DL DR FIME 58 52 A8 5 i I 1k
AR B

Lin 45" E—300 259 ] AP H 3 1 [l B0 BF 52 h
I BT 0 9% MRT 952 AR 4 22 R AR v] RLBUI AP 1)
JEEREE . BT MRI [ ER KR Lin 25 R A B
PR GER DRI T 353 DN ARA AL e R R T



44 T F 2B 2024 4E 1 A4 39 #%%5 1 8] Radiol Practice,Jan 2024, Vol 39,No.1

11 ANFRAE SR g 7 S Re ) fE ML RS . FE 2R 2 h, 244
Y 2F RIS W 0 R R S B L B M TR (positive
prediction value, PPV) | [ 1l {E (negative predic-
tion value, NPV) | #E #§ £ Fl AUC 433y 77.8% .
91.9% .88.7% .83.5% .85.6 % il 0.917; 7€ 4 UF 41
HA R 48 A5 43 00 S 75.0%.86.0% . 81. 8% 80. 4%,
81.0% 1 0.848, AR =1 AUC ¥ i = T LA 1Y
—Em K AR F W RE A P {H<C0.05).,
RS A B — S m R AR 2 0 R GM
Lo S AR A A A R AR O AP ()™ B R BE 5 1 T BB
HER . SEAR L 20T DA 1 AR TR T G5 AR 0 € A5
BLTE AP =R o 2 BA T R A R .
EAFEENE, HATHE TR A5 AP ™ &
FERI g B R AP R MR R B
v, MFFEEMEA B il AP AR T EER K,
PRI, 7E LS i pE s th 0 AP SR 2 B & R AR 4k
PESS B 0 02— AME A DE 58 09 J7 ), A7 76 31 2 1Y I R
R, MO MR R TR A R
T e 77 . ARG A G PR 2 HEAT S0, ARk g rh
Pl R IR R B AR 4 2 R AR A 45 G B0 Pl DL i —
o B R M ) Y0 A Y

3.9 AP I & 4E

M [ PR 3ER 0 2012-RACD™Y , AP J&y &B 3 & 4
ALFE 4 Fl, 40 51 0 S0tk B 8 AR BU SR (acute peripan-
creatic fluid collection, APFC) | i Iif &% P %8 I, &
IBCME R A IR BT . 2012-RACD #EFEH] W AP
JRFR I RAE R R R IR TR CT K. A%
HINA MRI XF AP Jf & %E (19 R AL DWI 1E R
MRI 4 A5 (8 — 8 53, X 20 SR 43 45 A~ 5 T Y 28 AL AR AR
R T HoA] DR I — A B AR bR B SR R L
(apparent diffusion coefficient, ADC){H . JCHTAYHFFE
R ADC {H 5 AP I 8009 Tt 3 2 () A7 78 SQ 6, i HL
JERFMEA D AR HERE AP £F B HFIE ADC
HERAGIT RN A AP ™ E &g ADC
{EREARNY . Tranmahboob 281 %F 41 i) AP f & A4
JEMR ) ADC {H#E47 T B 7 B 40 A, 45 3R WoR B4R
ADC {8 22 5+ L g it 2 3 {3 ADC B 7 Bl i) — 28 —
B 48 E 55 08 O AIE 1Y A A Z (BT SR BK L A 45 B 1 /1
R B R TR BT IO ol A B0 T A B ORI
ADC B J7 BIFRHIE AT DAL 58 ADC {0 2 42 41k i 41
SV FUPEAR B . H: v 0 FE S0 BT O K RE Y RO EE Sy
75.0% FF R R 91.9% ., AUC & 0,784 {H H BLIF &
i 1Y) A6 0 JBE TR 0 B UDAR B i AN TE AE . A HEIIA
U BE R G N2 B TE S R B R SR A N, X R T
TETE B A& RE TN 6 RS2 J5T 30 7%, 3 4 i A48 AT R AR A A

e AP B B 5 R e R R A — A A R,
RAT Rl 2 AE S 255 — J8 Y B BOR A ARk 50T &
il AR BN BE L, R T 3 KN, AP B Y
AR AMIR FE (extrapancreatic necrosiss EXPN) #l APFC
(E AR TR AR 5 5% B (G 5 SR
SEARMELE R . Zhou N H ST I F T, W EINME i R 41
JE B 2 R B R 2 B MIRT 3 5 2 fbk i 390 71 15 1 5% 1% 41
SFRLAL, DLTI AP R EXPN, Jf He 8 52 15 4l 27 B
R RAR Y R AL e A5 240 R G R TN 3L R . 45
IR0 R RS AR A 2E B R ) T A R 2 T R AR A % A%
B BV RGeS TR AN R R T, WI 8
HAE BRI AP B EXPN (% 15000 %5 B B . I 2520
A UEA B AUC KT 0,950, H vk 2 3 T JB g 52 R
MR AR, AUC WL 0,900, SRR L AR
21 2 0T DL AR 5 R 0 15 b AN BT UL i AR R
B NI 2= 10 PR 25 i R A R R AT 4 ) DA AE T IR
B At Gt 5 A8 2 R A 12 W i B0 AP I & E 1 &
4t

AP 4 B I K E AL 35 48 B T A8 o | B i
R e hE S Hodh DA T AR s A o T, A
U MOV R S . SCERIRIE AP B AR B A
SEGE TR ET, KL, AP B R B NS D BE
ZWMZ ARG WS Wit Dy 2, SR, AP & FF 2tk
B A AL B A8 R BIE T S M L AR B B
B B oy TN I R E R 0% TI0I 8 B il v WU A B
INERDE I IR D 50U A S IR W L IR S B iR T
W fe AR B B . PR, 36 I IR B A% B 5 AR 24 S AR M
W AP &It 2 S Hi0i. SRS HHE AL
BARF Bz — il i 40 i B PR R sk R K B R
O3 AR OC FR L BRI kb S R A & L PR A
VLA T R TR CT LB Hr 8 R X AP
GO 2B B G2 W 8 . D 3h K R Ik 4 433
EIER U U = 2 25 R U D IX R AT SO B 43 B, 4
B 396 ASSCFLARNE B A 6 S SUERARAE  FL A L
TR KA M2 Wi kL e A FLS Wi 4 2 B
AUC 4351124 93.3% ,100 % J% 0.983, A 5T Hfv i 1 H
1 B0 PR AE 5 A% G2 5 AR R BLAR X R L IR GO 2tk
B 45403 11 S5 R I R R OGP R R O R R T L
Kb R AR 2K B 2 S M /N I B BHREAE  AH G M K
28 50 RN AR MR R TEAL B 52 185 B 3R 3 KR
T B A IR & AbE B 0 s R B 5 i A
5 o 320 AR L SCERL 3 BT R A T L L AN B SR 2
SR, LSBT A R 2 W AP AR SN E
A5 5 8 ARIC 9, T £ It T LT 35 21 B0A I PR 2 W
B 2 B2 W vk B 8 005 DAY 76 36 7 I 18] 5 9 R B
R LAB R A . SR, T AT 2SS AR R
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I AT ST B SCERREAE R AR 22 B0 AIE ) — R
O3 R BRI TEAT BRI HEN 22 4 1) SO R A 2 T 4R
MHEZHEE.

MBEFEECP R KA

1. CP 5 PC % %112 Wt

M e 2 0 P JE IR R (mass-forming pancreatitis,
MFP) & — Rl 5k 20 i CP, A0 45 B 5 03 1 3 R %
(autoimmune pancreatitis, AIP) 5 i e 8 it 18 4 Jik
J# & (mass-forming chronic pancreatitis, MFCP)
Sgetl . MFP J& — i R , (H LI PR 3% 9 X AL 5t
AR R E BIE 5 IR 5 (pancreatic ductal adeno-
carcinoma, PDAC) MR X % 5l , W55 & B PDAC 5
MFCP 9 BRI o B2 B S i e RN IF T 22 7, 0
T H KN B R A ik S P 3 1) AUC AU 2H0.697
M 0.589~0.622 7 S BISK REAAE . SR G & 19 YR
57 0 RAFAEAR K 22 5, RAT R 2 0 5 BUR & W 1F &
WEIAIT A Y, MXFREMA 1% ~6% 1 PDAC
BEPDI2H MEP MM SE3RIGYT, 5% ~10% i MFP
BFRIZH PDAC M AT TR+ BB AR X &
FEFEMRIBEA LD BARGFERITER ZIE T — ek
FH AR T 28 AR A KN B B2 8 7 5] 5 09 T
s 1290~ 14 Yo RS L i EL 28 i 3 R O A
BIKE £,

Ma ZEUS 4R T I8 CT 5215 4 2 B 78 75 % 531
MFP 5 PC g fEH, BFRR A A T 151 fil PC &5
24 ] MFP 4 (18 il AIP & F1 6 f5il MECP) , 43 %1
HENT Bl WK S R 2 2 R R KA S AR A 2 B B ik
018 & 0 VKO SR A 2= AU Il R R AE AL A . COMB
REAI AT S5, &5 B o Bk 5 R L ALY AUC {H 4>
MK 0.905,0.941,0.941.,0.822 1 0.980, COMB #5 %!
1) AUC B T 3h DK 2 AR 2 2 B (P = 0.004) Al
Il PR AR AIE AR RS (P <C0.001) , % B2 Wi sk SR e Ak . sh ik
HA 25 45 T DK 52 A5 20 2 R 55 K 0 S AR 2 2 R 1Y
AUC f —3. COMB AR ) SOz B FRy 55 B 43 51 36
0.947 1 0.917, I, COMB #% 5I a] D) j Jy % 51 PC
5 CP G E TR, NTA B Tim IR K. SR 4 2
SEAIE J2 L 11 2 9 75 ) LA Ak R R 1) S o, PC Y
o SRR AR 5 I R A A | 8] J5T AL 1 4 B R ) BT 4T 44k
5 A (] J5 2T 4 Ak BELAS T X H 3R 2835 L 530 PC i
ARG RPN ARE B . TR A 1 s BRRR AR 3 282 4E
2 A 352 1 2T A 2 2 A, B SiRRR BE S AT AE  SUAH A
B Ik 0 2 5 Ak R O R AE R B s AT, BLAR PC
F1 MEP 723l JJk 81 v 87 52 4K %5 52, {5 i Jok 259 0 Sk 55 11
2B B T4 ) 5 2 g PR VKD 0 B2 1R A
RS IK I S A2 W (A . TR A 5T b K T

AR F A AUC & T ol ko dl, mRm a4l
AUC 255 ToG0 12 7 X, {H %88 70 1) 00 0 v i
P 5 T Bl KA TR 35 B i T 0 A5 4 BUREAE 192 W
PEREDE T 3 Ik A A . Deng %5107 3L F 48 i MRI #
TR AR A A AT R R S R KR L ) AUC &5 T 3l
KA RL, 43 50 9 0.997 1 0.958, FR M 7K & s 256
5T 5 7 B0 K AR AL () AUC (0.801) 1 T ik 10
(0.769) , 2L 22 57 14 J5 4 AT BB i A 9T 4 35
L F R PC 5 MECP A9 %51, 1 H o =2 ) A &
FEAE 52 e R A AR Z B S P e 22 5 g, Kok
(A BIF 9 2R 1T DA 43 3B 07 08 A7 % B AR 3 DA it — 25 10 F
FETE 22 52 09 I DR L oA Bl 8 JOIOHS o 2R AT 5 )

2. Xr Ui PEIEE \RAP )2 CP

RAP 215 Wk s Mk DL B 1 AP R AR H % &
PRI A8 58 A I H . AP % U5 )5 B35 R B
Ji 9 0 g T T v I L RV S AR 24 R AE R L I Rt mT LA
Wi RAP, SR, 16 9 I 8 Bl 7 = JF 1 )& RAP Y
e rE R B, 24 AP #5750 CP ikl ] Y B0 e & ik
g Fh 55 o N2 AP 16 B AE G2 i J5 15 52 5 AR 2 3 Il
JEIEHE I, T2 AP A 5 B B R 2 W A7
E—E Pk, BEAR RAP 5 CP nf DL i i B A8 1k 4
A, RAP 32252 g iR (9 1 7K i S IR 38, i CP 3= %
s LA Ak S 27 A Ak L (H 25 18 B B A 1 A R L 5T
AT T RAEBIR IS W . SR 4% mT LIRS i A
PG b 42 B 10 s BRAE B, 3070 2 0 28 B Y R
Mashayekhi 252385 T 5T CT SR 4 2R F 4 5
BEYEI i . RAP 5 CP, BF 9540 A 56 il R % (RAP
20 1, SHEEENE R 19 6], CP 17 5 , <7 3 43 i) f AL
BERYIEAT A S T . 445 2 b 7 T Y i 00 v B R
82.1% . AR AETE CP %12 RAP (%% . (A A A7 7E
CP Je RAP 1512 0 Uy e Ve I 04 s 1] . PRI Ik, %o T AY
PR B JR JE IR A0 S 0 = R A G B2 RAP 19 iR
H AR AT R R R B W T B

rRERE

AR FAE AR R 11236 h B B AR K v 7.
SR, H B 5T AR 85 D, HOR Z2 800k 5 A 5 e oCs [l Jost
PEBIF ST, 3% £ 5 BP0 12 i A R 1) 92 Ak B A R M v
s R W W 5% A B SR TS M 22 vl O O 9K 4 e A
R RS M [T o HL 5 FH M Bk v E AT IR AG .
Hh BT MRI g7 AR BUER R 1T 2 7 91 Le 8, gl
AT 5 2R A7 AL LT T AP A9 MRT AL A 1L
B MAT DWI ST 8, X F 3R R A BE
BRI PR ARG R CT KA. i A
1) MRT FEA7 A, J& 515 2 T 5 22 AH VG e i 20 25 =&
BN ] I K 75 22 2% JE i ) A, Rk, R ok 3
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MRI B A58 7T LA AT 22 2 5 DA A2 4 L0 5 i A0 M
MR J&) BR 5 BT 51

H Al B AR AR B T8 BE A A B 2 8 L 4% Fif
B AR R F IR, i e CT IR 2% > S e In
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ADC (apparent diffusion coefficient) : & WL ¥ # & %

ALT: & 28 # 2085 ; AST . X & R B # 286

BF (blood flow) : i &

BOLD (blood oxygenation level dependent) : fz 7K “F & i

BV (blood volume) : 2.5~ %

b 7 HH BB F

CAG (coronary angiography) : &k 3h ik 1% %

CPR (curve planar reformation) : ¥ & & 40

CR(computed radiography) : 3+ AL X & #& % K

CT (computed tomography) : 7 F L4k & m A%

CTA (computed tomography angiography) : CT fz % s 4%

CTPI(CT perfusion imaging) : CT # /& m& #

DICOM (digital imaging and communication in medicine) .
E 5 3 F M Ao 4

DR(digital radiography) : 4 F 1t X £ &% K

DSA (digital subtraction angiography) : % F & % fo & #& %

DWI (diffusion weighted imaging) : ¥ #& &= A & A%

DTI (diffusion tensor imaging) : ¥ #k ik & A%

ECG C(electrocardiography) : «& ¥, B

EPI (echo planar imaging) : B 7% -7 & & 1%

ERCP (endoscopic retrograde cholangiopancreatography) :
Z AT RIZE B Y R

ETL (echo train length) : & J% 4& K &

FLAIR (fluid attenuation inversion recovery) : #& #& & & &
=X

FLASH (fast low angel shot) ; B ik s i &

FOV (field of view) : #L%

FSE (fast spin echo) : ik @ % = 7%

fMRI (functional magnetic resonance imaging) : 37 & #% &
PR

IR (inversion recovery) : B &Mk 2

Gd-DTPA : 4Lt # 82 ) F e

GRE (gradient echo) : 4 & = &

HE & .5 KF-Fafé

HRCT (high resolution CT) : & & # % CT

MPR (multi-planar reformation) : % - & & 48

MIP (maximum intensity projection) : & X % (3&) F #%& %
MinIP (minimum intensity projection) : & J\ % (3%) E & %
MRA (magnetic resonance angiography) : #% 4 3k 2 & % 4%
MRI (magnetic resonance imaging) : #% 3t ¥ & %

MRS (magnetic resonance spectroscopy) : % 3t 3k 7k & 5

MRCP(magnetic resonance cholangiopancreatography) : #
33k Mg AR

MSCT (multi-slice spiral CT): % E¥3% CT

MTT (mean transit time) ; -F 34 i@ 1T & 4]

NEX (number of excitation) : # ) K 4%

PACS (picture archiving and communication system) : B 4%
k5w A%

PC (phase contrast) : #84% 3t kb 3%

PET (positron emission tomography) : i ¥ F & 4 i+ F #
1R E M

PS (surface permeability) : & i@ i

ROC # £ (receiver operating characteristic curve) : & X #
AR A W &

SPECT (single photon emission computed tomography) :
BT RS AR BB AR

PWI (perfusion weighted imaging) : # i& Ao AU %

ROI (region of interest) : % 4 X

SE (spin echo) : & # = J&

STIR(short time inversion recovery) : 42 it B_#5 4% 5

TACE (transcatheter arterial chemoembolization) : 2 F %
Bk 9T A E R

T, WI (T, weighted image) : T, #r A4

T, WI (T, weighted image) : T, #n A4

TE (time of echo ) : I % B 4]

TI (time of inversion ) : B_# &} 4]

TR (time of repetition) : & & B 1]

TOF (time of flight) : B ] & k%

TSE (turbo spin echo) : B ik B 4 & %

VR (volume rendering) : 5 #% # 3L

WHO (World Health Organization) ; # J& T & 48 4%

NAA(N-acetylaspartate) : N- Z Bt K 177 & & B

Cho(choline) : i2 5%

Cr(creatine) : JUBR
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