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Radiomics based on multi-parameter MRI for the differential diagnosis of endometrial cancer and submu-
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ted People’s Hospital of Fujian University of Traditional Chinese Medicine,350004 Fuzhou,China

[Abstract] Objective: To investigate the value of establishing radiomics model based on multi-pa-
rameter MRI imaging in the differential diagnosis between endometrial cancer and submucous myoma.
Methods : A total of 93 patients with endometrial cancer and submucous myoma confirmed by postoper-
ative pathology from August 2013 to January 2022 in our hospital were retrospectively collected,inclu-
ding 51 patients with endometrial cancer and 42 patients with submucous myoma. The ROI delineated
by T, WI, ADC,and contrast-enhanced T, WI (CE-T, WI) images were extracted for imaging character-
istics using the Python software Pyradiomics package and randomly divided into the training set (n=
65) and the testing set (n=28) according to a ratio of 7:3. The least absolute shrinkage and selection
operator regression (LASSO) regression was used to reduce the characteristics of the training set da-
ta,select the best imaging characteristics,and substitute them into logistic regression machine learning
method to construct the model. The diagnostic efficacy of the four groups of imaging models, T, WI,
ADC,CE-T,WI,and T, WI and ADC combined with CE-T, WI, was investigated by analyzing the re-
ceiver operating characteristic curve,accuracy, sensitivity,and specificity. In addition, the Delong Test
was used to compare the models. Results: After dimension reduction and screening,24,27 and 26 ima-
ging features were extracted from T, WI, ADC and CE-T, WI groups, respectively. In the constructed
model of differential diagnosis for endometrial carcinoma and submucosal myoma, the areas under the
ROC curves of the training and test sets for the T, WI,ADC,CE-T, WI,and T, WI and ADC combined
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with CE-T, WI groups were 0. 97,0.88,0.93,0.99,0.90,0.67,0. 85, and 0. 94, respectively. Conclu-
sion: The establishment of radiomics model based on T, WI, ADC and CE-T; WI has a certain value in

the differential diagnosis of endometrial carcinoma from submucous myoma.
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