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[Abstract] Objective: To explore the value of radiomics models based on multi-sequence MRI in
predicting pathological grading of meningioma, providing reference for the choice of clinical treatment
schemes.Methods: Clinical and MRI data of 215 cases of meningioma were retrospectively analyzed. The
subjects were divided into the low-grade group and high-grade group according to pathological results.
All patients were divided into the training group and validation group according to a ratio of 7 * 3.
Tumor volumes were segmented on T, WI,DWI and enhanced T, WI images respectively using ITP-
SNAP software,and radiomics features were extracted using AK software.Spearman correlation analy-
sis and multiple logistic regression analysis were used to select the features,and radiomics labels were
constructed. The area under ROC curve (AUC) was used to evaluate the predictive performance of the
radiomics models. Results: There was no statistical significance in age and gender between the high-
grade group and the low-grade group of meningioma (P >>0.05).The AUC values of T, WI,DWI, en-
hanced T, WI single sequence and multi-sequence combined radiomics models were all more than 0.700
for predicting the high and low grade meningiomas.In the single sequence radiomics models,the AUC
values (training group:0.942;validation group:0.913) of enhanced T, WI sequence radiomics model for
predicting the pathological grading of meningioma were more than that ofthe other two single se-
quence radiomics models. AUC value of the radiomics model combined multi-sequence MRI in predic-

ting the pathological grading was the highest,with 0.950 in the training group and 0.923 in the valida-
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tion group.Conclusion: The MRI radiomics models can predict the pathological grading of meningioma,

especially the radiomics model combined multi-sequence MRI with high predictive efficiency.
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