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[Abstract] Objective: To explore the feasibility of a classification model established by deep
learning for classifying the scan range and dynamic contrast enhanced phase of abdominal and pelvic
CT images.Methods: The abdominal and pelvic CT images of 416 consecutive patients were retrospec-
tively collected from Oct 14,2019 to Oct 18,2019 (dataset A).According to the scanning range, all
subjects were divided into three groups:abdomen, abdomen and pelvis, pelvis. And according to the
scanning phase,they were divided into five groups:plain scan, arterial phase,portal venous phase, de-
layed phase and exctretory phase. The CT image range and phase classification model were trained
based on 3D-ResNet. The model was used to predict 657 consecutive CT images of abdomen and pelvis
from January 1, 2020 to January 3,2020 (Dataset B). The classification results of radiologist were
taken as the gold standard, the confusion matrix was used to evaluate the classification efficiency of the
model.Results: In Dataset B, the accuracy of the scanning range classification model in the abdomen,
abdomen and pelvis, pelvis was 95.7% (243/254),98.4% (362/368) and 94.3% (33/35),respectively.
In the abdomen images of Dataset B, the accuracy of plain scan,arterial and portal venous phase was
100.0% (77/77),97.6% (82/84) and 100.0% (11/11),respectively.In the abdomen and pelvis images
of Dataset B, the accuracy of plain scan,arterial phase,portal venous phase,delayed phase and exctre-

tory phase was 96.6% (144/149),100.0% (9/9),100.0% (106/106),66.7% (44/66) and 100.0%
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(32/32) ,respectively.In the pelvis images of Dataset B, the accuracy of pelvic scan phase classification

model in plain scan, portal venous phase, delayed phase and exctretory phase was 100.0% (13/13),
70.0% (7/10),88.9% (8/9) and 100.0% (1/1), respectively.Conclusion: The accuracy of abdominal

and pelvic CT image classification model established by deep learning is accurate and can meet the cli-

nical requirements.
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