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[ Abstract] Objective: To explore the clinical application value of radiomics based on contrast-en-
hanced computed tomography (CECT) in evaluating axillary lymph node metastasis of breast cancer.
Methods: CECT images of 402 patients with breast cancer (825 axillary lymph nodes with short diame-
ter ==5mm) were retrospectively analyzed.Region of interest (ROI) was delineated at the maximum
diameter of each lymph node,and the texture features were extracted by AK software.The texture fea-
tures of 100 lymph nodes extracted by two radiologists were analyzed for consistency.One way ANO-
VA, Spearman correlation analysis and least absolute shrinkage selection operator (LASSO) were
used to reduce the dimension of the texture features,and to obtain the best texture features.All lymph
nodes were randomly divided into a training group (80% ) and a test group (20% ).Based on the logis-
tic regression (LLR) machine learning method, the prediction model for axillary lymph node metastasis
was established, and the diagnostic efficacy of the model was assessed using the receiver operating
characteristic (ROC) curve.Results: The texture features of 100 lymph nodes extracted by the two ra-
diologists were consistent (ICC=0.258~0.975,all P<C0.05).A total of 396 texture features were ex-
tracted from each lymph node,and 10 best texture features were obtained after dimensionality reduc-
tion.The area under the receiver characteristic curve (AUC) of the test group was 0.92,with accuracy
of 0.87, sensitivity of 0.82 and specificity of 0.92.Conclusion: Based on CECT images, radiomics and
machine learning methods can effectively prediction axillary lymph node metastasis in breast cancer.
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