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[Abstract] Objective: To investigate the feasibility to differentiate of lymph node involved by
Kimura disease from lymphoma of the head and neck based on radiomic features from contrast en-
hanced CT image,and to establish the logistic regression diagnosis model. Methods: Fourteen patients
with head and neck Kimura disease (a total of 38 enlarged lymph nodes) and 27 lymphoma patients (a
total of 37 enlarged lymph nodes) confirmed bypathology were enrolled in this study and analyzed ret-
rospectively. After contrast enhanced CT scan, all slices of CT venous images with enlarged lymph
nodes were imported into ITK-SNAP (www.itksnap.org) software with manually delineating of the
volume of interest (VOI).The AK software was used to extract radiomic texture features. The data
were randomly divided into training and validation group according to the ratio of 7 to 3.The feature
reduction was performed by ANOVA, Wilcoxon, General Linear model (GLM), and LASSO algo-
rithm.And then,a logistic regression model was established with the final selected texture features,
which was evaluated by performing a 5-folds cross-validation and verified by the validation group data.
The evaluation index of the model included the area under the ROC curve (AUC),sensitivity,and spe-
cificity.Results: A total of 396 radiomics features were extracted from 75 lesions.Finally,five dimen-
sionality features were identified as the factors of distinguishing enlarged lymph node involved by
Kimura disease from lymphomas of the head and neck.The AUC, specificity,and sensitivity of the lo-
gistic regression model were 0.987,0.958,and 0.966 in the training group and 0.938,0.786,and 1 in
validation group respectively. Conclusion: Radiomics is feasible for differentiation of lymph node in-
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volved by Kimura disease from lymphomas in the head and neck,and the logical regression model from

CT-based radiomics features has a high diagnostic efficiency.

[Key words] Kimura disease; Lymph nodes; Lymphoma; Radiomics; Tomography,X-ray com-
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