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[Abstract] Objective: The purpose of this study was to explore the value of 3D texture analysis
of enhanced magnetic resonance imaging in differential diagnosis of benign and malignant breast le-
sions. Methods: The clinical and MRI data of 16 cases of breast cancer and 18 cases of benign breast le-
sions were retrospectively analyzed. All cases were confirmed by surgical pathology and magnetic reso-
nance imaging was completed within one week before surgery. MaZda software was used to analyze the
texture of early dynamic enhanced 3d images and extract the texture parameters of the entire lesion. 30
optimal texture parameters were obtained by use of the methods of Fisher coefficient, mutual informa-
tion (MI),classification error probability and average correlation coefficient (POE+ ACC). Classifica-
tion analysis was further performed by use of methods including raw data analysis (RDA), principal
component analysis (PCA), linear discriminant analysis (LDA) and nonlinear discriminant analysis
(NDA). SPSS 16. 0 software was used to compare the texture features of benign and malignant breast
lesions. MedCalc 15. 8 statistical software was used to analyze the receiver operator characteristic curve
of texture parameters which were statistically significant. Results; The nonlinear discriminant analysis
(NDA) had the lowest misclassification rate,of which POE+ ACC combined with non-linear classifica-
tion analysis (NDA) had the lowest misclassification rate and misclassification rate was 5. 88%. A-
mong the 30 optimal texture parameters for benign and malignant breast lesions, 10 were found with
statistically significant difference (P<C0. 05),and the area under the curve (AUC) was 0. 717~0. 755,
respectively. Conclusion; Texture analysis of three-dimensional image of contrast enhanced magnetic

YEE BAL:510700  J7IH L BE B2 B I 5 7 I B 5 2 52 12 )
EZR A LAI75—), B ALV S AL, @ EARBE I, 2SN F R RS W TAE.



TP Sz 2019 4F 4 H % 34 5% 4 B Radiol Practice, Apr 2019, Vol 34.No. 4 437

resonance has good clinical value in the differential diagnosis of benign and malignant breast lesions.

[Key words] Breast neoplasms; Dynamic contrast enhanced scanning; Magnetic resonance ima-

ging; Texture analysis
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