AT 252 2018 4 10 A% 33 #%5 10 ] Radiol Practice,Oct 2018, Vol 33,No. 10 1017

ATEREEFZHEETH -
N LB REEAR K CT L8 BAR AL 76 /05 12 W B L H]

H¥ R, T

EEY BB T A L% 4k (artificial intelligence, AD KXk 3k CT £ % m M (CCTA) £ 7S A
LR R AL, ik RIRAR 2018 £ 3—8 A AR AR R EEL 506, A EEFA
47 CCTA 2a#5 .57 b4 2 )5 4 32 Sigovia THSEW B R SAN B AILSF R ELARITTFH AR IR
B0 BT R RARE A S g AR B B TAESE 69 8 SR A AR P 6h o A s ST A R IR
. M AIERZSHRFHSHNE., R ACKRLTH T .5 FAEHFRE LML, Al 57 R4 b
8 ra TR AE A 80 %0, FAETFRMAL A T0% A E A 80Y 45 F A T0% . Al 3¢ Ak sk & E AL R A 89
B AT AR A 73.91%,82.69% . Al *F &bk s K s 3 M R R 5 6 B E A4 F E 2 5 A
54.35%,81.73% ., ERMRBEETHRKRERENL B T AL fo 55 F E AT BIRKEF 69 B4 555
A 30.67%.32% . £F RGF EL(P>0.05), Al s & Bk s &8 sk & A2 37 5 69 5 R JE Fo 25 7
5 60.87%.,80.77% ., &5 HFFE LML, Al #8) CCTA s+ 2SR a4 b A — 2614,

[REiA) ATH; TR CT o RAL; B8 575 W

[FESEEYR05; R814.42; R541.4; R543.3 [3r#k#RiRAE]) A

[xE=4S]) 1000-0313(2018)10-1017-05

DOI:10. 13609/j. enki. 1000-0313. 2018. 10. 008 F R (FIRERS )RR (OSID) :

=
Artificial intelligence-based coronary computed tomography angiography in the evaluation of coronary ar-
tery disease HUANG Zeng-fa, WANG Xiang. Department of Radiology, the Central Hospital of Wu-
han, Tongji Medical College, Huazhong University of Science and Technology, Wuhan 430014 ,China
[Abstract] Objective: To evaluate the clinical value of artificial intelligence (Al)-based coronary
computed tomography angiography (CCTA) in the diagnosis of coronary artery disease (CAD).
Methods: We selected 50 patients with suspected CAD from March to August 2018 in our hospital. Af-
ter routinely scanning by CCTA, the images were uploaded to the post-processing sigovia workstation
and processed by two senior doctors with manual coronary artery analysis software and finished the re-
ports. Then,the Al diagnosis workstation of CAD automatically identified the coronary artery and le-
sions and generated reports. At last, the diagnostic value of Al in CAD was evaluated. Results: Com-
pared with senior doctors,the positive predictive value,negative predictive value,sensitivity and speci-
ficity of Al for diagnosis of coronary heart disease were 80%,70%,80% and 70% respectively. The
sensitivity and specificity of Al for detection of coronary lesions were 73. 91% and 82. 69% respective-
ly. The sensitivity and specificity of Al for the identification of coronary atherosclerotic plaques were
54.35% and 81.73% respectively. The detection rates of Al and senior doctors for coronary stenosis
were 30.67% and 32%, respectively. There was no significant difference between them (P>>0. 05).
The sensitivity and specificity of Al for diagnosis the degree of coronary artery stenosis were 60. 87 %
and 80. 77 % respectively. Conclusion: Al-based CCTA had certain value in the diagnosis of CAD com-
pared with senior doctors.
[Key words] Artificial intelligence; Coronary computed tomography angiography; Coronary ar-
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