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Computer-aided diagnosis system for the detection of prostate cancer based on clinical information and multiparametric MRI: a-
nalysis of the diagnostic efficacy GAO Ge,HU Juan, WANG Cheng-yan,et al. Department of Radiology.Peking University
First Hospital,Beijing 100034, China

[Abstract] Objective: To evaluate the diagnostic efficacy of computer-aided diagnosis (CAD) system in detection of
prostate cancer (PCa). Methods: 266 consecutive patients were recruited from institutional prostate MRI database. All the
patients were suspected of PCa,who underwent mpMRI (T, WI,DWI, MRS and DCE) examination with subsequent ultra-
sound guided biopsy within 3 months. PI-RADS scores given by uroradiologists were input as mpMRI information for CAD.
Clinical data including age, T-PSA,F/T-PSA.digital rectal examination (DRE) and ultrasound findings were input as clini-
cal information for CAD,the output of CAD was the probability of PCa. Taking the clinical outcome as reference standard.
the clinical information,mpMRI information or integration of clinical and mpMRI information were input into the CAD re-
spectively,and the corresponding diagnostic efficacy of CAD was studied using ROC analysis. Results; Based on clinical in-
formation, the area under the ROC (AUC) of the CAD system for diagnosis of PCa was 0. 888;based on mpMRI, the AUC
was 0. 980;and based on clinical information combined with mpMRI, the diagnostic efficacy was the highest with AUC of
0. 986 ,and the corresponding diagnostic sensitivity,specificity and accuracy were 93. 65,96. 15 and 94. 12. Conclusion: The
input of CAD system in detection of PCa should consist of both the clinical information and the information of mpMRI.
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